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Basic Quantitative Approach to Data
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Statistics differs from Mathematics?
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Data list free /id like gender age gpa child.

st st Eg  F1EE REE BEY
gender 147l 40 0.50 .506 256
age FH#7 40 30.87 8.061 64.984
gpa RETRIZ 40 2.00 .716 513
child E/0 40 6.75 3.111  9.679

213525 | e E|AZE 40 562 2771 1676

89030110

ariable labels like " & #:£2 & " gender "I+ %" age "4F-#4" gpa "k 4 & B." child "& ",
alue labels gender 0 "-%"1" %" /gpa1 "A7 &" 2" F £&" 3 "4 B&".

desc var=all.
orrelation variables like gender age gpa child.

REGRESSION /DEPENDENT like METHOD=ENTER gender age gpa child .

Exe.

correlation

SRR JRAEFSIR
Pearson MR S IOTLIE 1.000 129
PRI -228 354
Eb -714% - -378
FRAEZRI -129 ) - 1.000
L 926+ - - -115
HEE (BE) =00EE . . . 7760
PERI 586 . 390
R 047 . 356
FRARFIR 760 ) ) )
L 001 . . 786
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Regression
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Estimate

GENDER -1.700  .834
AGE -379  .053
GPA -1.687  .628
CHILD 825 127
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Country Child

Esti. S.E. C.R.

child gender 454 527 863
child age

child gpa 597 399 1.497

like child -.064 162 -394
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Why We Sing the Blues: The Relation Between Self-Reflective
Rumination, Mood, and Creativity

Paul Verhaeghen Jutta Joormann
Syracuse University Stanford University

Rodney Khan

Syracuse University

Past research has shown that creative behavior is associated with a higher risk for depression. The authors
hypothesized that a 3rd underlying factor, namely, self-reflective rumination, may explain the connec-
tion. This hypothesis was examined in a sample of 99 undergraduate college students, using path analysis.
The authors found that self-reported past depressive symptomatology was linked to increased self-
reflective rumination. Rumination, in turn, was related to current symptomatology and to self-rated
creative interests and objectively measured creative fluency, originality, and elaboration. No direct link
existed between currently depressed mood and either creative interest or creative behavior. These results
suggest that the association between depression and creativity is solely the result of rumination.

Torrance 1, fluency

Torrance 2, fluency

Torrance 3, fluency

Purdue 1, fluency

Purdue 2, fluency

Purdue 3, fluency

Torrance 1, originality

Tarrance 2, originality

Tarrance 3, originality

Torrance 2, elaboration

Elaboration

Torrance 3, elaboration

Figure 1. Results from a confirmatory factor analysis (LISREL) for the three factors of creative behavior
assumed present in the Abbreviated Torrance Test for Adults and the Purdue Creativity Test, xz(SS,N =409 =
50051, p = .08, RMSEA (root-mean-square error of approximation) = .057.
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Figure 2. Final best-fitting path model (LISREL) to explain the relationships between the depression variables,
self-reflective rumination, creative interests, and creative behavior. y*(17, N = 99) = 14.61. p = 62, RMSEA
{root-mean-square error of approximation) = 000,
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Softwares of SEM .{_-;

] o LISREL i

o EQS

o AMOS Vi

o MPLUS
0 SAS

o STATA
o PLS
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Results of EFA
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Composite scores and correlation
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Factor scores by orthogonal rotation
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FACI_1 REGR factor Pearson 7050 1.000 000
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Results of CFA 1

Chi-Sguare=150.73,
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df=34, P-walue=0.00000, RMIEA=0O.057

Chi-J3gquare=99.
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Data & Exploratory |Inferential Statistical Testing Advanced Statistical Application
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More or Less?

Thanks for listening

For more information, please contact
http://hawjeng.idv.tw




